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ABSTRACT: This project presents an innovative solution for efficient eye disease diagnosis and prescription 

dispensing system leveraging the power of machine learning and Arduino microcontrollers. The primary objective is to 

develop a robust classification model capable of accurately identifying four distinct categories of eye conditions: 

cataract, diabetic retinopathy, glaucoma, and normal healthy eyes, from input eye images. Convolutional Neural 

Networks (CNNs) are employed as the core deep learning algorithm for image classification. The CNN model is 

trained on a dataset comprising labelled images of the aforementioned eye diseases and normal healthy eyes. Through 

rigorous training and validation, the CNN achieves high accuracy in distinguishing between these categories. Upon 

successful classification, the output data is transmitted serially to an Arduino Uno microcontroller from the Anaconda 

Navigator platform. The Arduino Uno receives and decodes the transmitted data, triggering actions based on the 

identified eye condition. Integration with an L293D motor driver facilitates the control of a DC motor-based medicine 

dispenser. The medicine dispenser system comprises three compartments, each designated for dispensing medication 

corresponding to one of the identified diseases: cataract, diabetic retinopathy, and glaucoma. When a particular eye 

disease is detected, the Arduino Uno activates the corresponding compartment of the medicine dispenser, facilitating 

automatic medication dispensing. In the event of a normal healthy eye classification, the medicine dispenser remains 

inactive. Instead, an alarm system is triggered to alert the user about the normal condition. This ensures that medication 

dispensing is tailored to specific diagnosed conditions, optimizing treatment efficacy and patient care. 
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I.INTRODUCTION 
 
Eye diseases pose significant challenges to healthcare systems worldwide, affecting millions of individuals and often 

leading to severe vision impairment if left untreated. Timely and accurate diagnosis, coupled with appropriate 

treatment, is paramount in mitigating the impact of these conditions on patient health and quality of life. In response to 

this pressing need, this project introduces an innovative approach to automate the classification of various eye diseases 

using machine learning techniques, coupled with a medicine prescription system for targeted treatment delivery. The 

primary aim of this project is to develop a comprehensive system capable of accurately identifying four distinct 

categories of eye conditions: cataract, diabetic retinopathy, glaucoma, and normal healthy eyes. To achieve this, a state-

of-the-art deep learning algorithm, Convolutional Neural Networks (CNN), is employed. CNNs have demonstrated 

remarkable performance in image recognition tasks, making them well-suited for the intricate patterns present in eye 

images indicative of different diseases. The system architecture integrates multiple components to streamline the 

diagnostic and prescription process. Upon inputting an eye image, the CNN model processes the image and categorizes 

it into one of the predefined disease categories. Subsequently, the classification data is transmitted serially to an 

Arduino Uno microcontroller, facilitating seamless communication between the machine learning model and hardware 

components. The Arduino Uno, functioning as the central control unit, receives and decodes the classification data. 

Leveraging Anaconda Navigator as the interface, the Arduino Uno orchestrates the operation of the medicine dispenser 

system using an L293D motor driver. The medicine dispenser is equipped with three compartments, each designated 

for dispensing medication corresponding to cataract, diabetic retinopathy, and glaucoma. When an eye image is 

classified as having one of these diseases, the corresponding compartment dispenses the appropriate medication, 

ensuring targeted treatment delivery. Crucially, in instances where the input eye image is classified as a normal healthy 

eye, the medicine dispenser remains inactive. Instead, an alarm system is triggered to notify healthcare providers or 
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patients, indicating the absence of any detected eye disease. This feature enhances efficiency by preventing unnecessary 

medication dispensing and minimizing the risk of overmedication. 

 
II. RELATED WORK 

 
Prior research has explored various methodologies for automating the diagnosis and treatment of eye diseases, 

incorporating machine learning techniques and hardware integration. Several studies have focused on the development 

of image classification models specifically tailored to ophthalmic applications. One significant area of research 

involves the application of Convolutional Neural Networks (CNNs) for automated eye disease diagnosis. For instance, 

Gulshan et al. (2016) demonstrated the effectiveness of CNNs in detecting diabetic retinopathy from retinal fundus 

photographs, achieving performance comparable to expert ophthalmologists. Similarly, Ting et al. (2017) proposed a 

CNN-based approach for the classification of cataracts, glaucoma, and diabetic retinopathy, showcasing promising 

results in accurately identifying these conditions from eye images. Furthermore, research efforts have been directed 

towards integrating machine learning models with hardware systems for real-time diagnosis and treatment. Li et al. 

(2019) developed an automated retinal disease diagnosis system using a Raspberry Pi microcontroller and a CNN 

model, enabling portable and efficient screening for diabetic retinopathy and other retinal diseases in remote or 

resource-limited settings. In terms of prescription systems, while existing literature predominantly focuses on 

medication adherence monitoring in general healthcare settings, some studies have explored automated medication 

dispensing for specific medical conditions. For instance, Sarker et al. (2018) presented a smart medication dispenser for 

managing chronic diseases, demonstrating the feasibility of integrating hardware devices with medication adherence 

monitoring systems. However, the limited research exists on the integration of machine learning-based eye disease 

classification with automated medication dispensing systems tailored to ophthalmic healthcare. This project bridges this 

gap by proposing a comprehensive solution that combines advanced image classification techniques with a customized 

prescription dispensing system, enhancing the efficiency and accuracy of eye disease diagnosis and treatment delivery. 

Through seamless integration of machine learning algorithms with Arduino microcontrollers and medicine dispensers, 

this project aims to contribute to the advancement of automated healthcare solutions in ophthalmology, potentially 

transforming the way eye diseases are diagnosed and managed in clinical practice. 

 

III. METHODOLOGY 
 
  The methodology involves collecting and pre-processing a diverse dataset of eye images representing cataract, 

diabetic retinopathy, glaucoma, and normal healthy eyes. Convolutional Neural Network (CNN) architecture is selected 

and trained using transfer learning techniques on the preprocessed dataset. The trained CNN model is integrated with 

an Arduino Uno microcontroller, establishing serial communication for data transmission. Firmware is developed for 

the Arduino Uno decodes the received classification data and control an L293D motor driver connected to a medicine 

dispenser. Comprehensive testing and evaluation are conducted to assess the system's performance in image 

classification accuracy, data transmission reliability, and medicine dispensing functionality, ensuring adherence to 

ethical guidelines and patient safety throughout the process. 
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IV. BLOCK DIAGRAM 
 

 
Fig.1   Block diagram of proposed system. 

 
 
COMPONENTS: 
ARDUINO UNO: The Arduino Uno serves as the central control unit for the project, facilitating communication 

between the CNN model and hardware components. It receives classification data from the CNN model and triggers 

actions accordingly, such as controlling the motor driver to dispense medication. 
 
16X2 LCD DISPLAY: 
The 16x2 LCD display provides visual feedback to the user, displaying relevant information such as system status, 

disease classification results, and error messages. It enhances user interaction and aids in troubleshooting. 
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PIEZOELECTRIC BUZZER: 
The piezoelectric buzzer serves as an auditory indicator, emitting sound signals to notify users of specific events or 

conditions. For example, it can sound an alarm when a normal healthy eye is detected, alerting healthcare providers or 

patients to the absence of any diagnosed eye diseases. 

 
H-BRIDGE MOTOR DRIVER (L293D): 
The H-bridge motor driver, specifically the L293D chip, is used to control the DC motor(s) within the medicine 

dispenser. It enables bidirectional control of the motor(s), allowing precise dispensing of medication based on the 

classification results received from the Arduino Uno. 

 
MEDICINE TRAY: 
The medicine tray houses compartments for storing medication corresponding to different eye diseases, such as 

cataract, diabetic retinopathy, and glaucoma. Each compartment is linked to the motor driver and can dispense 

medication upon command from the Arduino Uno. 

 
POWER SUPPLY: 
A reliable power supply unit provides the necessary electrical power to all components of the system, ensuring 

uninterrupted operation. It supplies voltage to the Arduino Uno, LCD display, buzzer, motor driver, and other 

electronic elements, maintaining system functionality throughout its operation.These components work together 

harmoniously to create an integrated system for automated eye disease classification and prescription dispensing, 

contributing to improved healthcare delivery and patient outcomes in ophthalmology. 

 
V. EXPIRIMENTAL RESULTS 

 
The experimental evaluation of the proposed eye disease classification and prescription system demonstrated 

robust performance across multiple metrics. The trained Convolutional Neural Network (CNN) achieved high accuracy 

in classifying eye images, with an overall accuracy exceeding 90% on a separate test dataset. Response times for image 

classification and data transmission were consistently rapid, averaging less than 1 second, ensuring timely diagnosis 

and prescription dispensing. Medication dispensing accuracy was excellent, with negligible discrepancies observed, and 

the user interface provided clear feedback via the 16x2 LCD display, enhancing usability. The alarm system effectively 

notified users of normal healthy eye detections, enabling appropriate actions. These results affirm the system's efficacy 

in automating eye disease diagnosis and treatment, underscoring its potential to enhance healthcare delivery and patient 

outcomes in ophthalmology.                                     
VI. CONCLUSION 

 
Thus the developed eye disease classification and prescription system, integrating Convolutional Neural 

Networks (CNNs) with hardware components such as Arduino Uno and a medicine dispenser, has demonstrated 

promising results in accurately diagnosing eye diseases and dispensing appropriate medication. With high classification 

accuracy, rapid response times, accurate medication dispensing, and intuitive user interface feedback, the system holds 

significant potential to streamline healthcare delivery and improve patient outcomes in ophthalmology. Further 

refinement and validation in clinical settings could enhance its efficacy and contribute to the advancement of automated 

healthcare solutions in eye disease management. 
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